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a b s t r a c t
Distributed generation (DG) sources are becoming more prominent in distribution systems due to the
incremental demands for electrical energy. Locations and capacities of DG sources have profoundly
impacted on the system losses in a distribution network. In this paper, a novel combined genetic algorithm (GA)/particle swarm optimization (PSO) is presented for optimal location and sizing of DG on distribution systems. The objective is to minimize network power losses, better voltage regulation and
improve the voltage stability within the frame-work of system operation and security constraints in
radial distribution systems. A detailed performance analysis is carried out on 33 and 69 bus systems
to demonstrate the effectiveness of the proposed methodology.
Ó 2011 Elsevier Ltd. All rights reserved.

1. Introduction
Distribution systems are usually radial in nature for the operational simplicity. Radial distribution systems (RDSs) are fed at only
one point which is the substation. The substation receives power
from centralized generating stations through the interconnected
transmission network. The end users of electricity receive electrical
power from the substation through RDS which is a passive network. Hence, the power ﬂow in RDS is unidirectional. High R/X ratios in distribution lines result in large voltage drops, low voltage
stabilities and high power losses. Under critical loading conditions
in certain industrial areas, the RDS experiences sudden voltage collapse due to the low value of voltage stability index at most of its
nodes.
Recently, several solutions have been suggested for complementing the passiveness of RDS by embedding electrical sources
with small capacities to improve system reliability and voltage regulation [1,2].
Such embedded generations in a distribution system are called
dispersed generations or distributed generations (DG).
Distributed generation is expected to play an increasing role in
emerging electrical power systems. Studies have predicted that DG
will be a signiﬁcant percentage of all new generations going on
lines. It is predicted that they are about 20% of the new generations
being installed [3].
⇑ Corresponding author.
E-mail addresses: Mh_moradi@yahoo.co.uk (M.H. Moradi), M_abedini_dr@ya
hoo.com (M. Abedini).
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Main reasons for the increasingly widespread usage of distributed generation can be summed up as follows [4]:
– It is easier to ﬁnd sites for small generators.
– Latest technology has made available plants ranging in capacities from 10 KW to 15 MW.
– Some technology have been perfected and are widely practiced
(gas turbines, internal combustion engines), others are ﬁnding
wider applications in recent years (wind, solar energy) and
some particularly promising technologies are currently being
experimented or even launched (fuel cell, solar panels integrated into buildings).
– DG units are closer to customers so that Transmission and Distribution (T&D) costs are ignored or reduced.
– Combined Heat and Power (CHP) groups do not require large
and expensive heat networks.
– Natural gas, often used as fuel in DG stations is distributed
almost everywhere and stable prices are expected for it.
– Usually DG plants require shorter installation times and the
investment risks are not so high.
– DG offers great values as it provides a ﬂexible way to choose
wide ranges of combining cost and reliability.
In order to achieve the aforementioned beneﬁts, DG size has to
be optimized. Researchers have developed many interesting algorithms and solutions. The differences are about the problem which
is formulated, methodology and assumptions being made. Some of
the methods are mentioned in [5] as analytical approaches [6]
numerical programming, heuristic [7,8]. All methods own their
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Nomenclature
nn
total number of buses in the given RDS
ni
receiving bus number (ni = 2, 3, . . . , n)
bus number that sending power to bus ni (m2 = n1 = 1)
mi
i
branch number that fed bus ni
N = nn  1 total number of branches in the given RDS
NDG
CDG
nDG
Pgni
Qgni
Pdni
Qdni
Pni(ni)
Qni(ni)
Pmin
gni
Pmax
gni
PRPL
Vni
Vmi
V min
ni
V max
ni

total number of DG
capacity of DG
bus number of DG installation
active power output of the generator at bus ni
reactive power output of the generator at bus ni
active power demand at bus ni
reactive power demand at bus ni
total real power load fed through bus ni
total reactive power load through bus ni
minimum active power of DG at bus ni
maximum active power of DG at bus ni
real power losses of nn-bus distribution system
voltage of bus ni
voltage of bus mi
minimum voltage at bus ni
maximum voltage at bus ni

advantages and disadvantages which rely on data and system under consideration. Generally the allocation problem formulation of
distributed generation is non linear, stochastic or even a fuzzy
function as either an objective function or constraints. Generally,
in all formulations the objective function is to minimize the real
power losses and improve voltage; while abiding into all physical
constraints equations in terms of voltage and power. The variable
limits in the optimization procedure must also be obeyed.
The problem of optimal DG location and sizing is divided into
two sub problems, where the optimal location for DG placement
is the one and how to select the most suitable size is the second.
Many researches proposed different methods such as analytic procedures as well as deterministic and heuristic methods to solve the
problem. Kean and Omalley [9] solved for the optimal DG sizing in
the Irish system by using a constrained linear programming (LP)
approach. The objective of their proposed method was to maximize
the DG generation. The nonlinear constraints were liberalized with
the goal of utilizing them in the LP method. A DG unit was installed
at all the system buses and the candidate buses were ranked
according to their optimal objective function values. Kashem
et al [10] developed an analytical approach to determine the optimal DG sizing based on power loss sensitivity analysis. Their approach was based on minimizing the distribution system power
losses. The proposed method was tested using a practical distribution system in Tasmania, Australia. Grifﬁn et al. [11] analyzed the
DG optimal location analytically for two continuous load distributions types, uniformly distributed and uniformly increasing loads.
The goal of their studies was to minimize line losses. One of the
conclusions of their research was that the optimal location of DG
which is highly dependent on the load distribution along the feeder; signiﬁcant losses reduction would take place when DG is located toward the end of a uniformly increasing load and in the
middle of uniformly distributed load feeder.
Acharya et al. [12] used the incremental change of the system
power losses with respect to the change of injected real power
sensitivity factor developed by Elgerd [13]. This factor was used
to determine the bus and causing the losses to be optimal when
hosting a DG. They proposed an exhaustive search by applying
the sensitivity factor on all the buses and ranked them accordingly.

Vrated
jsmax
ni j
Yni
hni
dni
dmi
Ini
Rni
Xni
SI(ni)
b1
b2
K1
K2
C1, C2
r1, r2
Jbest
W
f1
f2
f3

rated voltage (1 p.u.)
maximum apparent power at bus ni
admittance between bus ni and bus mi
phase angle of Y i ¼ Y ni \hni
phase angle of voltage at bus ni ðV ni ¼ V ni \dni )
phase angle of voltage at bus mi
current of branch i
resistance of branch i
reactance of branch i
voltage stability index of node ni. (ni = 2, 3,. . ., n)
penalty coefﬁcient, 0.32
penalty coefﬁcient, 0.3
penalty coefﬁcient (k1 = 0.6)
penalty coefﬁcient (k2 = 0.35)
constants
random numbers in [0, 1]
global best position associated with the whole neighborhood experience
weight inertia
network real power losses (pu)
network voltage proﬁle (pu)
network voltage stability index (pu)

The drawback of their work is the lengthy process of ﬁnding candidate locations and the fact that they sought to optimize only the
DG real power output. Rosehart and Nowicki [14] dealt with only
the optimal location portion of the DG integration problem. They
developed two formulations to assess the best location for hosting
the DG sources. The ﬁrst is a market based constrained optimal
power ﬂow that minimizes the cost of the generation DG power,
and the second is voltage stability constrained optimal power that
maximizes the loading factor, distance to collapse. Both formulations were solved by utilizing the interior point (IP) method. Outcomes of the two formulations were used in ranking the buses for
DG installations. The optimal DG size problem was not considered
in their paper.
Carmen et al. [15] describes a methodology for optimal distributed generation allocation and sizing in distribution systems, in order to minimize the electrical network losses and to guarantee
acceptable reliability level and voltage proﬁle. The optimization
process is solved by the combination of genetic algorithms (GA)
techniques with other methods to evaluate DG impacts in system
reliability, losses and voltage proﬁle.
Haesen and Espinoza [16] considered optimal DG problem for
single and multiple DG sizing. They used GA method to minimize
the distribution systems active power ﬂow. Gandomkar et al.
[17] hybridized two methods to solve DG sizing problem. They
combined GA and simulated annealing meta-heuristic methods
to solve optimal DG power output. Nara et al. [18] assumed that
the candidate bus locations for DG unit to be installed were pre-assigned by the distribution planner. Then they used the tabo search
(TS) method for solving the optimal DG size. The objective of their
formulation was to minimize system losses. Golshan and Areﬁfar
[19] applied the TS method to size the DG optimally, as well as
the reactive sources within the distribution system. He formulated
the constrained nonlinear optimization problem by minimizing an
objective function that sums the total cost of active power losses,
line loading and the cost of adding reactive sources. Falaghi and
Haghifam [20] proposed the ant colony optimization method as
an optimization tool for solving the DG sizing and location problems. Minimized objective function for used method was the global
network cost. Khalesi et al. [21] considered multi-objective
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function to determine the optimal locations to place DGs in distribution system to minimize power loss of the system and enhance
reliability improvement and voltage proﬁle. Time varying load is
applied in this optimization to reach pragmatic results meanwhile
all of the study and their requirements are based on cost/beneﬁt
forms. Finally to solve this multi-objective problem a novel
approach based on dynamic programming is used. Naresh et al.
[22] considered an analytical expression to calculate the optimal
size and an effective methodology to identify the corresponding
optimum location for DG placement for minimizing the total
power losses in primary distribution systems. Sudipta et al. [23]
considered a simple method for optimal sizing and optimal placement of generators. A simple conventional iterative search technique along with Newton Raphson method of load ﬂow study is
implemented on modiﬁed IEEE 6 bus, IEEE 14 bus and IEEE 30
bus systems.
In our latest published papers, the optimization of both location
and capacity of Distributed Generation sources was programmed
by employing only the GA method [28,29].
A new combined algorithm is proposed to evaluate the DG site
and size in Distribution network. In this method, site of DG is
searched by GA and its size is optimized by PSO. First the initial
population for DG size and site are produced by random, then
the load ﬂow was run. Using the given cost function was implemented to optimize the size of DG which was calculated by PSO
for the known site. In the next step the new site of DG was calculated by GA to optimize the cost function. The GA is run by the predetermined iteration and in each iteration for a candidate site, the
size of DG was re-optimized by PSO which this reduces the search
area for the GA and gives better optimization in each iteration.
The results showed that the proposed combined GA/PSO method is better than the GA and PSO in terms of solution quality and
number of iterations.
This paper is organized as follow; Problem formulation in
Section 2, optimal sitting and sizing of DG in Section 3, application
study and numerical results in Section 4, discussions in Section 5
and the conclusion in Section 6.
2. Problem formulation
Proposed methodology presented in this paper is aimed to optimized technique functionality of distribution system by minimizing the power losses, maximize the voltage stability and improve
voltage proﬁling in a given radial distribution network. The goal
is to converge these three objective functions into one, using the
penalty coefﬁcients. The objective functions have no units and they
are going to be qualiﬁed as ratios. For example the amount of ﬁrst
objective function (f1) is just a ratio in comparison with the basic
loss of 210.99 (kW). Therefore we are dealing with a one dimensional problem.

f1 ¼ PRPL

ð2Þ

PRPL is the real power losses of nn-bus distribution system, and is expressed in components as:
nn
X
ðPgni  Pdni  V mi V ni Y ni cosðdmi  dni þ hni ÞÞ

PRPL ¼

2.3. Improve voltage proﬁle
The objective function to improve voltage proﬁle is,

f2 ¼

nn
X
ðV ni  V rated Þ2

2.4. Voltage stability index
Fig. 1 shows a branch of radial system. In radial distribution system each receiving node is fed by only one sending node,
From Fig. 1

V mi  V ni
Rni þ jX ni
Pni ðniÞ  jQ ni ðniÞ ¼ V ni Ini

Ii ¼

þ Q ni ðniÞX ni 2
Objective function for improving voltage stability index is,



f3 ¼

1
ðSIðniÞÞ

Subjected to: CDG and nDG
2.2. Power losses
The real power losses in the system is given by (2).

ð8Þ

For stable operation of the radial distribution systems, SI(ni) > 0
for i = 2, 3... , nn, so that; there exists a feasible solution. It is very
important to identify weak buses for nodes with minimum voltage
stability index that are prone to voltage instability. Investigating
the voltage stability index behavior demonstrate that the buses
which experiencing large voltage drops are weak and within the
context of remedial actions. So, it makes sense to act on controls
that will improve the voltage magnitudes at weak buses.
2.5. Constraints
2.5.1. Load balance constraint
For each bus, the following equations should be satisﬁed:
N
X

V nj Y nj cosðdni  dnj  hnj Þ ¼ 0

ð9Þ

N
X

V nj Y nj sinðdni  dnj  hnj Þ ¼ 0

ð10Þ

j¼1

!

i2N

ni ¼ 2; 3; . . . ; nn

Q gni  Q dni  V ni


max V ni  V max
ni ; 0

i
X


; 0Þ
þ max V min
þ b2
maxðjSni j  Smax
ni
ni  V ni ; 0

ð7Þ

j¼1



i2N DG



ð6Þ

SIðn2 Þ ¼ jV mi j4  4½Pni ðniÞRni þ Q ni ðniÞX ni jV mi j2  4½Pni ðniÞRni

Mathematically, the objective function is formulated as:

ðf1 þ k1 f2 þ k2 f3 Þ þ b1

ð5Þ

When distributed generation is connected to distribution network, the index of voltage stability for distribution network will
be changed. This index, which can be evaluated at all nodes in radial distribution systems, was presented by Charkravorty and Das
[24]. Equations used to formulate this index are presented in
[25], to solve the load ﬂow for radial distribution systems. Eq. (7)
represents the voltage stability index. Using (5) and (6):

Pgni  Pdni  V ni

f ¼ Min

ð4Þ

ni¼1

2.1. The objective function

X

ð3Þ

i¼2

where ni = 1, 2, . . . , nn.

ð1Þ
Vmi ∠δ mi
mi

I ni
→
Rni + jX ni

Sending end

Vni ∠δ ni
ni

Pni + jQni
Receiving end

Fig. 1. A representative branch of a radial distribution system.
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2.5.2. Voltage limits
The generator voltage will be the load/bus voltage plus some
values related to impedance of the line and the power ﬂows along
that line. It is evident that the larger the impedance and power
ﬂow, the larger the voltage rises. The increased active power ﬂows
on distribution network have a large impact on the voltage level
because resistive elements of the lines on distribution networks
are higher than other lines. This leads to an X/R ratio of approximately 1 rather than a more typical value of 5 on transmission networks. The voltage must be kept within standard limits at each bus
[24,26]:

V min
ni <

V ni < V max
ni

Pgni 6 Pmax
gni

ð12Þ

2.5.4. Thermal limit
Final thermal limit of distribution lines for the network must
not be exceeded:

jSni j 6

jSmax
i ¼ 1; . . . ; N
ni j

3.2. Particle swarm optimization (PSO)
In PSO algorithm, the population has n particles that represent
candidate solutions. Each particle is an m dimensional real valued
vector where m is the number of optimized parameters. Therefore
each optimized parameter represents a dimension of the problem
space. The PSO technique can be described in the following steps
in Fig. 3:

ð11Þ

2.5.3. DG technical constraints
As DG capacity is inherently limited by the energy resources at
any given location, it is necessary to constrain capacity between
the maximum and the minimum levels.

Pmin
gni 6

Fig. 2 shows the ﬂow chart of optimal sitting and sizing of distributed generation.

ð13Þ

Step1 (initialization): set the time counter t = 0 and randomly
generate n chromosomes, ½xj ð0Þ; j ¼ 1; :::; n, where xj ð0Þ ¼ ½xj;1
ð0Þ; xj;2 ð0Þ; :::; xj;m ð0Þ. xj,k(0) is randomly generated in search
max
space. ½xmin
. Vj(0) is randomly generated for evaluation of
k ; xk
the objective function. For each particle, set xj ð0Þ ¼ xj ð0Þ and

j j ¼ jj , j = 1, . . . , n. Search for the best value of the objective
function Jbest. Set the particle associated with Jbest as the global
best, x (0) with an objective function of j⁄⁄. Set the initial value
of the w (0) = 0.98.
Step 2 (time updating): update the time counter t = t + 1.
Step 3 (weight updating): update the inertia weight.
Step4(velocityupdating): using the global best and the individual
best to change the particle velocity in the following equation:

v j;k ðtÞ ¼ xðtÞv j;k ðt  1Þ þ c1 r1 ðxj;k ðt  1Þ  xj;k ðt  1Þ
3. Optimal siting and sizing of distributed generation
The optimal sitting and sizing problems of distributed generation are formulated as a multi-objective constrained optimization
problem. This paper uses novel combined GA/PSO for solving the
problems of optimal sitting and sizing DG .The results were compared to PSO and GA.

þ c2 r 2 ðx
best  xj;k ðt  1ÞÞÞ

ð14Þ

Initial set of random control variable settings
(solution)

3.1. Genetic algorithms (GA)
In GA algorithm, the population has n chromosomes that represent candidate solution; each chromosome is an m dimensional
real value vector where m is the number of optimized parameters.
Therefore each optimized parameter represents a dimension of the
problem space.
Step 1 (initialization): set the time counter t = 0 and generates
randomly n chromosomes. [Xj (0), j = 1, . . . , n], where xj ð0Þ ¼
½xj;1 ð0Þ; xj;2 ð0Þ; :::; xj;m ð0Þ. xj,k(0) is generated in search space
max
½xmin
 randomly.
k ; xk
Step 2 (ﬁtness): evaluate each chromosome in the initial population using the objective function, J. search for the best value of
the objective function Jbest. Set the chromosome associated with
Jbest as the global best.
Step 3 (time updating): update the time counter t = t + 1.
Step 4 (new population): create a new population by repeating
the following steps until the new population is completed:
– Selection: select two parent chromosomes from a population
according to their ﬁtness.
– Crossover: with a crossover probability, cross over the parents to form a new child.
– Mutation: with a mutation probability method mutates new
child at each chromosome.
– Acceptance: place new child in a new population
Step 5 (replacement): use new generated population for a further
run of algorithm.
Step 6: if one of the stopping criteria is satisﬁed then stop, else
go to step 2.

Load flow and evolution of initial
Solution fitness

Crossover and mutation of control variables to
generate new set of solution

Load flow and evolution of new
Solution fitness

Searching for best solution

No
Check the stop
criterion

Yes
Stop

Fig. 2. The GA method for optimal sitting and sizing of DG.
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Initial set of random control variable settings
(solution)

Start

Load flow and evolution of
Solution fitness

Read data from network
(R, X,PLoad, QLoad)

Initial set of random sitting of DG

Searching for local and global best solution
based on the fitness

Initial set of random sizing of DG

Velocity and position update to generate new
set of solution
Load flow

Searching for best solution
Using PSO to calculate fitness for optimal
sizing of DG

No

Check the stop
criterion

Using GA to calculate fitness for optimal
sitting of DG
(Selection - Crossover – Mutation)

Yes
Load flow

Stop

Fig. 3. The PSO method for optimal sitting and sizing of DG.

Using PSO to calculate fitness for optimal
sizing of DG

Step 5 (position updating): based on the updated velocity, each
particle changes its position according to the following
equation:

X j;k ðtÞ ¼ X j;k ðt  1Þ þ V j;k ðtÞ

Searching for best solution

ð15Þ

If a particle violates is position limits in any dimension set its position at the proper limit.
Step 6: each particle is evaluated according t the updated position. If jmin < j⁄ then updates individual best as

Check the stop
criterion

No



xj ðtÞ ¼ xj ðtÞ ; ji ¼ ji

Yes


Step 7: now search for the minimum value, if jmin < j then

updates global best as j ¼ jmin and x ¼ xmin ðtÞ.
Step 8: if one of the stopping criteria is satisﬁed then stop, else
go to step 2.

3.3. Proposed methodology
This is a searching technique developed for optimal sitting and
sizing of DG. The problem consists of two parts. The ﬁrst is the
optimal location of DG and the second is the optimal sizing. Result
for the ﬁrst part is an integer which is either a bus number where
DGs are suggested to be installed. This needs an integer-based
optimization algorithm. GA has been chosen to play this role because of its attractive quality. The answer obtained from GA solution is used in PSO algorithm to optimize the sizing for DG. PSO has
the fast convergence ability which is a great attractive property for
a large iterative and time consuming problem. Interaction between
the two algorithms as shown in Fig. 4 goes as follows.

Stop

Fig. 4. The GA/PSO method for optimal sitting and sizing of DG.

 Initialization: Set the time counter t = 0 and generate randomly
n chromosomes, this represent n initial candidates sitting of DG.
 Fitness using PSO: Evaluate each chromosome and optimal sizing
of DG
– Initialize particle population, modiﬁed matrix and contain
size of DG.
– Calculate the objective values which are the total real power
losses and the voltage proﬁle improvement.
– Record objective function as the best candidate of particle
and the minimum value as the current overall global best
of the group.
– Update the velocity (v) and position.
– Check the stop criterion if it is satisﬁed then stop.
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Table 1
GA/PSO, GA and PSO parameters.
Method

Pop. size

GA/PSO
GA = 30 PSO = 20
GA
50
Parameters PSO
PSO
40

Selection method

Cross over

Mutation

Algorithm termination

Normalized geometric selection
Normalized geometric selection
c1
2

Simple Xover
Simple Xover
c2
2

Binary mutation
Binary mutation
r1
r2
1
1

Maximum number of generation (30)
Maximum number of generation (60)
–
Maximum number of generation (40)

Table 2
Objective function value of the systems before DG installation.
System

Objective function value
f1

f2

f3

33-Bus
69-Bus

0.2109
0.2217

0.3141
0.2197

1.4907
1.4509

Fig. 5. Single line diagram of a 33-bus system.

 Time updating: Update the time counter t = t + 1.
 New population: Create a new population of sitting of DG by
repeating the following steps until the new population is
completed:

-Selection -Crossover -Mutation
 Fitness using PSO and time updating.
 Check the stop criterion, if it is satisﬁed then stop, else go to
time updating.
4. Application study and numerical results
The proposed method for optimal sitting and sizing of DG has
been implemented in the MATLAB and tested for several power
systems. In this section, the test results for two different distribution systems are presented and discussed. The rating active power
of distributed generation and the power factor are 1.2 MW and 1,
respectively. The optimization was performed using GA/PSO software package which is written for the simulation of optimal sitting
and sizing of DG in any radial distribution systems. The parameters
of GA/PSO method used for solving the problems presented in this
paper are furnished in Table 1.
4.1. 33 Bus radial distribution systems
The ﬁrst system is a radial system with the total load of
3.72 MW, 2.3 MVar, 33 bus and 32 branches as it is shown in

Fig. 6. Voltage levels of 33-bus radial distribution system.

Fig. 5. The real power losses in the system is 210.998 (kW) while
the reactive power losses is at 143 (kVar) when calculated using
the load ﬂow method reported in [26].
The results for optimal sitting and sizing problems of distributed generation are described in Table 3. The GA/PSO combined results are compared with the results using PSO and GA separately;
the location, DG size, the real power losses, proﬁle voltage and
the voltage stability. For example, in the ﬁrst column, the objective

Table 3
Performance analysis of the 33-bus system after DG installation.
Method

Objective function value
f1

f2

f3

Bus no.

DG size (MW)

GA/PSO

0.1034

0.0124

1.0517

32
16
11

1.2
0.863
0.925

GA

0.1063

0.0407

1.0537

11
29
30

1.5
0.4228
1.0714

PSO

0.1053

0.0335

1.0804

13
32
8

0.9816
0.8297
1.1768
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Results of the detailed performance analysis are illustrated in
Figs. 9 and 10. In these networks; the R/X ratio is approximately
equal to 3. This means that the network is highly resistive in nature
and needs to supply by a distributed real power source.
Results conﬁrmed that by applying the proposed method, the
voltage level and voltage stability index were improved.

5. Discussion

Fig. 7. Voltage stability index of 33-bus radial distribution system.

function is Ploss which has been minimized to ﬁnd out the best
results.
Table 2 shows the pre installation values of the objective functions for DG. From the results presented in Table 3, it can be observed that GA/PSO is effective for optimal sitting and sizing of DG.
Fig. 6 depicts voltage proﬁle of each bus in 33 bus distribution.
The results show different voltage levels during the pre and post
installation of DG. Before installation of DG, voltage level of bus
18 was low. After installation; the voltage was improved. Furthermore, the voltage levels at all nodes for RDS have improved. The
voltage stability index is given in Fig. 7. It is also clear that voltage
stability indexes for all nodes in the radial distribution system
were very poor before installing the DG. Results show that stability
indexes at the nodes for RDS were improved after installing the DG.
4.2. 69 Bus radial distribution systems
The second is a 69 bus radial distribution system that has the
total load of 3.80 MW and 2.69 MVar and it is demonstrated in
Fig. 8. Data for this system are given in [27] which have seven lateral lines. Results are furnished in Table 4 and also in Figs. 9 and 10.
In Table 2, objective functions values of pre installation for DG are
demonstrated.

The proposed method involves a search technique developed
for optimal sitting and sizing of the DG. In particular, in this method reduces the search space is reduced and a tight distribution for
the search results is obtained. Since the location is represented by a
discrete variable (the bus number indicated by an integer ranging
from 1 to 69), the search is performed by the GA method, which is
an integer-based optimization algorithm. The solution obtained
based on the GA method is, then, used in the PSO algorithm to optimize the sizing for the DG. The major disadvantage of this method,
however, is the fact that it more time consuming as compared to
the case where either method is applied alone. However, given
the fact that the combined method is implemented on an ofﬂine
basis, this issue is not of major concern. The following provides a
discussion of the performance of the various methods outlined
with regards to speciﬁc aspects.
5.1. Simulation results
The worst, the best and the average of the objective functions to
improve loss in system 33 bus for all three methods are illustrated
and compared in Fig. 11. The best and the worst are from the combined method and the GA, respectively. Looking at the worst objective functions results reveal that the value for combined method is
at 14% compared to 37% and 24% for the GA and the PSO respectively. By considering the best and average objective functions,
similar trends were observed.
5.2. Number of iterations and running time
The Combined method is converted to solution in minimum
number of iterations and the PSO is the least. But the running time
for the PSO was faster in comparison with the other two and the
least is for GA.

Fig. 8. Single line diagram of a 69-bus system.
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Table 4
Performance analysis of the 69-bus system after DG installation.
Method

Objective function value
f1

f2

f3

Bus no.

DG size (MW)

GA/PSO

0.0811

0.0031

1.0237

63
61
21

0.8849
1.1926
0.9105

GA

0.089

0.0012

1.0303

21
62
64

0.9297
1.0752
0.9848

PSO

0.0832

0.0049

1.0335

61
63
17

1.1998
0.7956
0.9925

Fig. 11. The worst, the best and the average of objective function.

Fig. 9. Voltage levels for a 69-bus radial distribution system.

Fig. 12. Variances of objective function.

As shown in Fig. 12, this implies that the combined method is
providing high quality solutions.
5.4. Objective function values
Amongst the three, the combined method showed less objective
function value in comparing with GA and PSO, Tables 3 and 4.
5.5. Stability and voltage regulation

Fig. 10. The voltage stability index of 69-bus radial distribution system.

5.3. Output variance
In Fig. 12, variance for the objective functions is illustrated. The
variance is calculated for the ﬁfty initial populations. The output
variances for GA and PSO are at 0.0986 and 0.02134 respectively,
but it has found to be almost at zero for the combined method. This
is an indication of output uniformity for the combined method and
non-uniformity for the others. Having zero variance is demonstrating that the combined method is preferred in comparison with the
other two.

Voltage stability index in bus 18 from the ﬁrst system and bus
61 from the second were low before DG installation. This could
cause instability in the networks in the presence of disturbances.
After DG installation, the three methods showed major improvements, Figs. 7 and 10. Besides, the Figs. 6 and 9 are demonstrating
that the voltage regulation index is at highest for GA/PSO and for
the GA is the lowest.
6. Conclusion
In the paper combined method was proposed to solve location
and capacity problems for DG. In this method, GA and PSO methods
were used to determine the location and to calculate the capacity
of DG respectively. Combined method was implemented for the
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33 and 69 bus systems to minimize the losses, to increase the voltage stability and to improve the voltage regulation index. Results
from combined method were compared to the results from the
other two and advantages and disadvantages were discussed. Results showed that the proposed method is better; one of its advantages is the uniform answers with negligible value for the
variances. At the same time, it was able to ﬁnd the best optimized
solution for the system. Considering active power losses, reactive
power and the value for objective function, it can be concluded that
the combined method exhibited a higher capability in ﬁnding optimum solutions.
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